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• Leverage power of pre-trained language models (e.g. RoBERTa)
• Two-stage self-training framework
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Thank You!
To Find Out More?

• Arxiv: https://arxiv.org/abs/2006.15509

• Git: https://github.com/cliang1453/BOND

https://arxiv.org/abs/2006.15509
https://github.com/cliang1453/BOND

