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Abstract

Recent advances in the field of artificial intelligence (AI) have permeated almost every
industry in the world. From defeating the best Go player on the planet to diagnosing human
illnesses, Al technologies are revolutionizing traditional business practices by enabling machines
to perform complex cognitive tasks like interpreting, analyzing, and predicting future outcomes.
The purpose of this study is to demonstrate that, contrary to the belief that artificial intelligence
is not having a significant impact on the field of public relations, this technology is transforming
the way PR practitioners target demographics, measure the effectiveness of their communication
efforts, obtain insights into the media landscape, and interact with influencers to deliver their
message more efficiently. These new practices are increasing productivity by streamlining and
automating time-consuming and repetitive tasks, while also providing more accurate insights into
the approximately 44 zettabytes of data available in the digital universe. The development of Al
technologies, however, entails serious reputational threats and complex ethical questions that PR
professionals must also be ready to address. This thesis concludes that to be successful in the age
of artificial intelligence, communication experts must be well-versed in the terminology,

functionality, and applications of Al in their business and in the business of their clients.

Key Words: Atrtificial intelligence, public relations, Big Data, audience listening, sentiment

analysis, influencer marketing, crisis communications, news automation
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Preface

Research Methodology

In preparation for this thesis, the author reviewed secondary sources discussing the
relationship between artificial intelligence and public relations including academic journals,
books, specialized industry magazines (such as The Holmes Report and PR Week), online
interviews with industry experts, and studies conducted by PR agencies and research
organizations. Additionally, the author conducted a content analysis of a series of case studies
that illustrate how agencies and companies are using Al-powered tools for public relations
purposes.! This study is also based on interviews with industry experts Megan Jordan, former
SVP of global corporate communications at Herbalife and chief communications officer & SVP
of global marketing at ChromaDex, and Alex Smith, senior data visualization engineer at Zignal
Labs. For specific segments where the technology was available, the author complemented her
analysis with metrics and insights obtained using the tech communication software Crimson

Hexagon.

Special Considerations

This study provides a general understanding of the business applications of Al
technologies in the fields of communications and public relations. This analysis does not intend
to offer an exhaustive explanation of how Al algorithmic models work but rather illustrates a

general picture of how this technology is being deployed to advance public relations efforts.

! The author understands a “case study” as a real-life situation where artificial intelligence technologies have been
deployed to solve specific challenges in the fields of communications and public relations. These case studies will
be described at different levels of specificity and might contain biases considering that some of them were provided
by communication tech vendors.



Introduction

Artificial intelligence —a branch of computer science that studies the phenomena that
appear when computers perform tasks that, if performed by people, would be regarded as
requiring intelligence (Simon 95)—is becoming more ubiquitous, popping up in almost
everything we do. From which route to take during our morning commute to what Netflix shows
we should watch next, Al algorithms are constantly making decisions for us without us even
noticing. And even though the current generation of Al is a long way from getting us intelligent
machines like HAL from “2001: A Space Odyssey,” Skynet from “The Terminator,” or C3PO
from “Star Wars,” the omnipresence of this technology is having a significant impact on the way
we behave, interact and communicate with others.

Not only is artificial intelligence writing poetry, inventing perfume scents, and
diagnosing lung cancer, but it is also impacting the way we do business and slowly transforming
our economy. According to the International Data Corporation, the global spending on Al
systems will reach $97.9 billion in 2023 (more than two and a half times the $37.5 billion spent
in 2019), and the compound annual growth rate for the 2018-2023 forecast period will be 28.4%.
This rapid growth reflects the growing interest that organizations have in AI’s ability to increase
their revenue and reduce costs through intelligent automation and machine-powered predictions,
which explains why investors, corporate directors, CEOs, managers, and policymakers are
focusing their attention on this technology.

The corporate communications industry is not exempt from this increasing interest in
artificial intelligence. Public relations departments and agencies are starting to adopt Al
technologies to obtain valuable information from the digital world, improve their capacity to

understand audiences more accurately and measure the impact of their communication efforts.



Even though intelligent machines are not writing and pitching stories just yet, they are
improving the efficiency and accuracy of traditional measurement practices in public relations.
For example, PR professionals that would traditionally measure the Advertising Value
Equivalency (AVE) or the number of impressions of a news story to demonstrate the success of
their earned media campaigns now have access to Al-powered monitoring tools that measure the
sentiment of the coverage, the media outlet’s level of influence, and the amount of traffic that the
story drove to the brand’s channels. These new measurement strategies are allowing PR
practitioners to report to the C-suite in a language that is relevant to their business goals and not
in “vanilla metrics” that are tangential to the company’s bottom line. This topic will be further
explored in the third chapter of this study.

A second area of the public relations practice that is being transformed by the
development of Al technologies is influencer marketing. Traditionally, PR practitioners who
wanted to bring more visibility for their product or brand would partner with influencers with a
large following. The belief was that the more followers an influencer had, the more products or
services he/she would be able to sell. But this did not always prove true. For example, last year,
the Instagram star @ Arii failed to sell 36 t-shirts of her new clothing line to her 2.6 million
followers, which demonstrates that the number of followers does not always equate to real
customers. However, with technologies like machine learning—a field of Al that uses statistics
to find patterns in massive amounts of data (Hao, “What Is Machine Learning”) — PR
professionals can now identify influencers with a small following but with a higher level of
influence than the most popular ones, increasing their chances of converting a PR effort into an
increase in sales. This practice is known as “micro-targeting” and will also be examined in the

third chapter of this study.



The third area of public relations being transformed by the power of Al monitoring tools
is crisis management. Even though the 2019 USC Center for PR Global Communications Report
showed that only 3% of in-house communicators and 1% of CEOs said they would deploy
technological tools for crisis management purposes (23), the escalating volume of online
conversations is forcing companies to closely monitor social media platforms, blogs and news
outlets to prevent or manage an online firestorm with real-life consequences. An example of one
of these online firestorms is the social media platform Snap (NYSE: SNAP), which lost an
astounding $800 million in market value in 2018 after the company posted a controversial ad
asking users if they would rather “slap Rihanna” or punch her ex-boyfriend Chris Brown, who
had been charged for assaulting Rihanna eight years earlier. Another example is the clothing
retailer H&M (OTCMKTS: HNNMY), whose stores in South Africa were vandalized in 2018
after a Twitter user criticized a company’s ad featuring a young black boy wearing a sweatshirt
that read “Coolest monkey in the jungle.” These online firestorms show that there is a growing
need to monitor breaking stories, and Al is giving PR professionals the ability to do so in real-
time. This topic will be further explored in the fourth chapter of this paper.

The fourth area of public relations being impacted by the use of Al technologies is media
relations. Even though it is still too soon to expect intelligent machines to write and pitch press
releases, news outlets like Bloomberg, The Associated Press, The Guardian and The Washington
Post are developing “robot reporters” that use Al technologies to cover financial reports, sports
and natural disasters. This new practice is starting to transform the relationship between
journalists and PR professionals, who are now adjusting their communication strategies to ensure

that automated machines can read and report their companies’ financials without much human



intervention. This new relationship between reporters and PR practitioners will be studied in the
fifth chapter of this report.

There is no doubt that there are more activities in the field of public relations that are
currently being impacted by some form of artificial intelligence. Content creation, for example,
is now more personalized thanks to the deployment of Al algorithms. Last year, the PR agency
FleishmanHillard announced a collaboration with the Al-platform Wibbitz to create customized
videos that would connect with communities at a micro-level in real-time (“FleishmanHillard
and Wibbitz”). Customer experience is also being improved through the use of intelligent
chatbots that can replicate human speech almost flawlessly. The insurance company Progressive,
for example, has developed a chatbot that employs the same kind of humor that its quirky
spokesperson Flo uses. However, these areas are still in their early stages and are more
marketing-oriented than the ones mentioned above and will only be briefly mentioned in this
analysis.

This study demonstrates how artificial intelligence technologies are transforming three
areas of practice in the public relations industry: social media, crisis management and media
relations. The author will first offer a review of the different perspectives that PR scholars and
professionals have offered concerning the use of artificial intelligence in their field. Then, the
author will focus on explaining the capabilities, applications, advantages and limitations of Al
deployment in communications. The next three chapters will explore each one of the areas of the
public relations practice that are currently being impacted by artificial intelligence technologies.
Each chapter will state the advantages, limitations, and risks of Al applications, and illustrate the

author’s insight through five case studies relevant to each area of focus.



Chapter 1
Al in PR: The Conversation Has Just Begun

In June 2017, the New Scientist magazine published a story about how long it would take
for artificial intelligence to surpass human intelligence. The article was later shared on Twitter
through a tweet that read: “Al will be able to beat us at everything by 2060, say experts”
(@NewScientist). “Probably closer to 2030 to 2040 imo.% 2060 would be a linear extrapolation,
but progress is exponential,” responded Open Al co-founder and Tesla’s CEO, Elon Musk. What
Musk didn’t know is that the initial tweet had been generated by Echobox, an Al-driven social
media management tool that picked the article, generated the message, and shared it at a time of
the day that would maximize traffic for the New Scientist’s website.

This example illustrates how artificial intelligence technologies are already embedded in
many of the tasks that communication professionals perform on a daily basis. But how
knowledgeable are PR scholars and industry experts about the impact that Al technologies are
having in the field of public relations? And, most importantly, why should they care about
educating themselves on this topic?

This chapter will show how the conversation about the influence of artificial intelligence
is slowly starting to gain importance in the academic and professional realms of the PR industry.
This conversation, however, is facing three challenges— skepticism, anxiety and hype— that are
obscuring the understanding of this topic by proposing radical perspectives. Finally, the author
will state the purpose of this study, her position on this topic, and the research methodology she

will use to support her viewpoint.

2 Abbreviation for “in my opinion.”



Al in PR: The Conversation Has Just Begun

The roots of Al can be traced back to the 1950s, as it will be later explained in the second
chapter of this study. Since then, this revolutionary technology has gone through a series of
“booms” and “winters” that have disrupted its development. It could be argued that even though
the growth of Al and machine learning has been intermittent over the past decades, we are
currently witnessing an unprecedented “boom” phase that is attracting increased attention in
several fields, including the promotional industries of marketing, advertising and public relations
(Galloway & Swiatek 734).

The latest Al-boom phase started in the early 2010s with the rise of big data, which gave
computer scientists more computing power and the thousands of data points needed to develop
this technology to its fullest. Tech experts Paul R. Daugherty and H. James Wilson categorized
this phase as the third wave of business transformation, which is prompting leading firms in
many industries to work collaboratively with Al systems to become more accurate, flexible,
faster, and adaptable to the needs of employees, suppliers and customers in real-time (5-6).

In the field of public relations, this new relationship between humans and intelligent
machines is enabling PR professionals to create data-driven campaigns, automate repetition-
based tasks, analyze online conversations, predict a crisis and create personalized content. But
even though the number of Al tools available for PR professionals is exponentially growing,
there seems to be little understanding of the impact this technology is having on the public
relations industry. For example, the USC Center for PR Global Communications Report showed
that 86% of students and PR professionals considered themselves “somewhat” or “not at all”

knowledgeable on the application of artificial intelligence in communications.?> However, a

3 The sample of this study is a “convenience sample.” The sample included in the analyses encompassed 1,563
responses from PR professionals and 378 students (42).



significant portion of PR specialists reported that they were using tech services to conduct media
monitoring (44%), website analytics (35%), social media management (34%) and social listening
(27%), all of which are likely using some form of AI (“PR: Tech...” 28-31).

The public relations academy has provided little scholarly material about the relationship
between Al and public relations, but this is slowly changing (Galloway & Swiatek 735). One of
the first scholars to explore the impact of Al in public relations was Professor David Phillips,
who published The Automation of Public Relations around 2015. Phillips is a member of the
Chartered Institute for Public Relations (CIPR), which in February 2018 founded the #AlinPR
panel to study the impact of artificial intelligence on public relations and the wider business
community (“CIPR Artificial Intelligence...”). Additionally, in July 2018 an international
academic conference on public relations, “BCN Meeting PR #8 Critical Intersections:
Communication, public relations, and beyond in a time of convergence,” offered three
presentations focused on Al-related topics (“Critical Intersections”).

In the professional realm, the conversation about the way Al is transforming the practice
of public relations is also starting to flourish. For example, the 2019 ICCO Global Summit
dedicated two sessions to exploring the PR tech landscape and discuss how to prepare for the age
of artificial intelligence and automation. The summit was partly sponsored by Cision, one of the
largest suppliers of communications tech. Furthermore, in July 2019 the Los Angeles chapter of
the Public Relations Society of America hosted the panel “Al, Tech and the Future of Public
Relations” where professionals discussed the current state of technology in PR, the myth that Al
will replace PR practitioners, and the reasons why tech companies may need to rely more heavily

on PR experts in the future. Similarly, for its 50 Anniversary Global Conference in June 2020,



the International Association of Business Communicators (IABC) is holding an interactive forum
on “Adopting New Technologies for Communication” with a heavy emphasis on Al.
Additionally, PR agencies are conducting their own studies about Al and the impact this
technology is having on a wide array of industries. In 2018, FleishmanHillard published its study
“Artificial Intelligence & Communications: The Fads, the Fears, the Future,” which concluded
that there is a lack of education about the reality of this technology (2). One year later, Edelman
issued the “2019 Edelman Al Survey,” which revealed that people are generally optimistic about
the long-term impact of Al but remain concerned about negative consequences like the loss of

jobs, misinformation, and social isolation (3).

Al Skepticism, Anxiety & Hype: Three Challenges PR Pros Must Overcome

Even though PR scholars and professionals are increasingly discussing the impact of Al
in communications, the conversation is facing three main challenges. The first is the “Al
skepticism,” or the belief that artificial intelligence is not having a significant impact on the work
PR practitioners are doing today. This was evidenced by the USC Center for PR Global
Communications Report, which showed that only 3% of PR executives believe Al is an
important technology for their practice, and just 18% believe they will be using it in the future
(29). These findings suggest that there currently exists a significant misunderstanding —perhaps
a knowledge gap— about the actual state of Al technology advancement as it can be applied to
supporting or evolving the capabilities within the PR industry.

The second challenge that the conversation about Al and PR is facing is what Galloway
and Swiatek called the “Al anxiety” (736). This unease is rooted in the idea that the PR

profession will one day be “robotized” to replace PR workers, which would bring harmful



economic, social and ethical consequences for the industry. This concern is reflected on one of
the CIPR central research questions, “how much of what we do in public relations already is, or
will be replaced by technology, and specifically artificial intelligence?” which seems to suggest
that there is a hostile tension between humans and technology (Valin 3). Despite the fear that
some may have about being replaced by an intelligent machine, communications professionals
must accept that Al is already changing the way they do their work. Instead of replacing them,
this technology is complementing and augmenting their ability to make faster and better-
informed decisions.

The third challenge is the “Al hype.” The growing need for better metrics and data
analysis in the public relations industry has stimulated the competition between communications
tech companies like Cision and Meltwater, who now lead a market that is valued in $4.1 billion
(Czarnecki, “Report: Communications tech...”). According to Rowan Benecke, chief growth
officer at Ruder Finn, tech vendors can sometimes misrepresent their products and tools by
focusing too much on what their products can potentially do, rather than what they can do right
now (Czarnecki, “PR pros choose...”). This misrepresentation can lead PR professionals to think
that Al-powered platforms can help them solve all kinds of business challenges with little human
input. The hype might also encourage PR specialists to ignore the pitfalls of using this
technology such as unintended biases, misinformation, or data privacy disruption. Thus, to
overcome the Al hype, PR experts must bring the discussion back to how Al is helping them
solve real problems while clearly stating the limitations and risks that come with the use of this
technology.

The study conducted by the CIPR, “Humans Still Needed,” showed that approximately

41% of the skills and abilities needed in PR are using some kind of technology to simplify,



monitor, automate and analyze data (Valin 8). Out of that 41%, 12% is truly using some form of
Al to create and curate content, identify trends, track issues, generate reports and presentations,
process large amounts of information, and enhance customer experience (8). This indicates that,
as of today, approximately 10% of the skills needed to practice PR are being augmented or
complemented with artificial intelligence, which explains why human input is so critical in the
Al adoption process.

Results of the CIPR study show that the adoption of Al capabilities in the field of public
relations is at an early stage, and still has a long way to go in comparison to other promotional
industries like marketing and advertising. A truly transformational outcome is years away
because, as the tech expert Vishal Sikka states, the development of Al is asymmetric and only a
few companies have enough access to data and programming experts (‘“Vishal Sikka...”).
However, with the flourishment of Al tools, we are starting to see a shift in the way PR
practitioners are monitoring and collecting data, designing their communications strategy, and

obtaining metrics they had never had access to before.

Al Is Transforming the Practice of Public Relations

The purpose of this analysis is to demonstrate that, contrary to the belief that artificial
intelligence is not having a significant impact on the field of public relations, this technology is
already here, and it is transforming various areas of practice of the PR profession. This is why
communications professionals must break through all the skepticism, anxiety and hype generated
by this term and strive to understand the benefits of this technology, its limitations, and the

ethical implications of incorporating it into their daily practice.

10



To illustrate how artificial intelligence is transforming the practice of public relations, the
author will first explain the concept of “artificial intelligence” and its different subsets,
applications and limitations. In the following chapters, the author will explain the way
communications professionals are using Al tools in three different areas of the practice of public
relations: social media and audience listening, crisis management, and media relations. The last
section of this study will offer a toolkit for public relations practitioners interested in

complementing their practice with intelligent platforms.
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Chapter 2
What is AI and Why Should We Care?

The phrase “artificial intelligence technology” casts a very large net and captures a very
diverse set of products, services, and technologies that could be applied to almost any industry
imaginable. There are immense levels of complexity and confusion around these products and
services, both in how they were created, what their true functionality might be, and how they
could or should be used.

To understand the way artificial intelligence is transforming the field of public relations,
it is important to consider the origins and the underlying function of this revolutionary

technology. Amid the skepticism, anxiety, and hype generated by this term, words like

9 ¢ 9 ¢

“automation,” “algorithm,” “robots,” and “machine learning” are often used interchangeably,
which can be misleading and confusing. In this chapter, the author will take a look at the
historical development of artificial intelligence and the different types or subsets of this
technology that are relevant to the field of communication. Then, the author will analyze the

functions that Al is currently fulfilling in PR, including some of the risks and limitations that

come with the deployment of this technology.

History & Definition of Artificial Intelligence (AI)

The concept of artificial intelligence (Al) is constantly evolving and does not have a
unique definition. In the broadest sense, Al refers to machines that can learn, reason and act for
themselves (Hao, “What is A1?”). Almost all Al systems are made by algorithms, which are
essentially a set of instructions that tell a computer what steps to take to solve a problem. A cake
recipe, for example, could be thought of as an algorithm. However, not all algorithms are

specifically related to Al

12



Thanks to science fiction films like “The Terminator” (1984), “2001: A Space Odyssey”
(1968) and “Ex-Machina” (2015), people think of Al as a super-intelligent machine that will
destroy or replace humanity forever. This dystopian idea of robots surpassing human intelligence
is known as artificial general intelligence (AGI) or “strong AL’ However, this advanced
technology where machines perform infinite cognitive tasks has not actually been developed yet.
The Al technology that we are currently using is known as artificial narrow intelligence (ANI)
or “weak AL’ As opposed to strong Al, weak Al can only perform one task. This explains why,
as of today, Al-powered tools still need a considerable amount of human input.

The term “artificial intelligence” was officially coined in 1956 when a small group of
computer scientists organized by John McCarthy gathered at a DARPA-sponsored* conference at
Dartmouth College, New Hampshire. The conference was essentially an extended brainstorming
session where McCarthy, Marvin Minsky, Claude Shannon, and other researchers discussed the
possibility that machines could potentially replicate human intelligence (Daugherty & Wilson
40). The discussion led to the emergence of two schools of thought: The Symbolists, who
believed that human intelligence is based on how much humans know; and the Connectionists,
who thought intelligence is based on humans’ ability to learn (Hao, “MAICON Keynote...”).

Connectionists wanted to build a machine that could learn on its own, which is why they
started to think of ways to replicate the biological structure of the human brain. In 1957, the
psychologist Frank Rosenblatt created an early version of an artificial neural network, a crude
replication of neurons in the brain organized into layers. He initially called his network

“Perceptrons,” but his invention had several limitations that were harshly criticized by

4 DARPA, or the Defense Advanced Research Projects Agency, is an agency of the U.S. Department of Defense
responsible for the development of emerging technologies for military use. DARPA-funded projects have developed
cutting-edge technologies that have influenced many non-military fields such as computer networking, the Internet,
and user interfaces in information technology.

13



researchers Marvin Minsky and Seymour Papert. As a consequence, Rosenblatt’s Perceptrons
languished for decades.

In 1959, IBM engineer Arthur Samuel created a computer program that could play
checkers. Instead of memorizing every rule and step in the book, Samuel’s program was
designed to play against itself and learn how to improve. This project gave birth to machine
learning, the field of study that gives computers the ability to learn without being explicitly
programmed (Daugherty & Wilson 41). The ultimate goal of machine learning is to understand
the structure of data and translate that data into models and patterns that can be understood by
people. These patterns can be used to make predictions on things like what shows are people
going to like on Netflix or what their next Amazon purchase is likely to be. But back in the
1960s, the lack of computing power and data points doomed this system to fail, falling into a
quiet decade known as the first “Al Winter.”

Symbolists, on the other hand, believed that to create intelligent machines, they had to
design an expert system: a giant database of symbols that were interconnected through a set of
logic rules. Introduced by Alan Newell and Herbert Simon in 1976, symbolic AI —also known
as “good old-fashioned AI”— represented problems using symbols and used logic to search for
solutions. IBM’s famous chess-playing computer, Deep Blue, is an example of a very powerful
symbolic Al system that in 1997 was able to defeat Garry Kasparov, the best chess player in the
world.

By the beginning of the 1980s, the general industry and government officials started to
show a renewed interest in Al technology. Symbolic Al seemed promising, but experts soon
realized that this approach had significant limitations. Despite its extraordinary capabilities,

symbolic Al was a labor-intensive process because symbols and logic rules had to be manually
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encoded. Distilling all human knowledge into a simple set of logical rules was time-consuming
and impossible to do, which eventually prompted a second “Al Winter” in the early 1990s.

Amid the hype of Al Systems in the 1980s, cognitive psychologist and computer scientist
Geoffrey Hinton revisited Rosenblatt’s Perceptron model and created an enhanced version of an
artificial neural network. As opposed to Rosenblatt’s Perceptrons, Hinton’s network had a set of
additional layers that made the system much more accurate and efficient. Hinton called these
new networks “Multilayer Perceptrons.” This new branch of Al is now known as deep learning,
a type of machine learning that uses techniques like backpropagation and clustering to learn new
things more efficiently and create categories to classify information from large data sets.

Over the first decade of the 2000s, machine learning began to flourish as experts
integrated statistics and probability theories to their approaches. Additionally, technological
developments like the Internet, personal computers, digital systems, sensors and mobile phones
provided all kinds of data for machine learning specialists to use when training these systems.
The more data sets added to machine-learning systems, the more they learn and update their
models to change and improve the way they “see” the world. Programmers became less like rule
makers and dictators, and more like teachers and trainers (Daugherty & Wilson 42).

Even though symbolic Al is still used today, machine learning and deep learning are
being adopted across dozens of industries. Banks use them for fraud detection, dating apps use
them to suggest matches, photo-sharing sites use them for automatic face recognition, and
marketers use them to predict who will respond favorably to an ad (Daugherty & Wilson 42).
Even though the development of such algorithms has been intermittent for more than 50 years,

Al has finally starting to democratize, permeating all kinds of products and business operations.
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Al Technologies & Applications in Communication

With the development and improvement of machine learning and deep learning
approaches, the constellation of Al technologies, capabilities and applications has expanded
significantly. For example, AI’s capability to predict has allowed companies to detect anomalies
(such as bank fraud) or make forecasts (like weather-related problems). In the field of
communication, Al’s ability to process human language (also known as natural language
processing) has allowed companies to understand individual behaviors, preferences, beliefs and
interests to deliver more efficient campaign strategies. The following graph is a constellation of
some of the fields, capabilities, applications, advantages and risks of using Al technologies in the

field of communication (see fig. 1).
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Figure 1: Visual representation of the capabilities, applications, advantages and
risks of Al deployment in the field of communication
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It is important to consider that not all forms of Al can satisfy every communication need.
As mentioned before, the Al technologies available today can only perform one cognitive task,
but they can do it with much more precision and accuracy than a human can. This is why
communications and public relations professionals need to educate themselves on these new
technologies and understand their capabilities, limitations, and potential applications to real-life
situations. The following glossary explains some of the most common types, capabilities and

applications of Al in the fields of communications, marketing and public relations (see fig. 2).

SUBCATEGORIES OF ARTIFICIAL INTELLIGENCE TECHNOLOGIES

Al Al Subset

Technology (Type) Definition

Al software that uses information stored in a Knowledge Base to solve
problems that would usually require a human expert. However, developing
these systems takes a considerable amount of human skill, patience and
time.

Symbolic Al

Machine Learning is the process of using statistics to find patterns in data and use those
patterns to build assumptions. ML algorithms enable the software to update and “learn” from
previous outcomes without the need for programmer intervention. This model-based training
allows Al to make better predictions than humans because it can take more factors into
account and analyze them in milliseconds. ML can be used to automate time-consuming
tasks like coverage tracking and social listening, influencer reach, and pinpointing a crisis on
social media.

A type of ML in which an algorithm is presented with labeled data (pre-
classified and sorted data) consisting of example inputs and desired outputs.
The algorithm learns the general rules that connect the inputs to the outputs
and then applies those rules to a different data set to predict future events.
Supervised learning can be used to teach an algorithm to recognize a brand

Ili/[ E:;E;Ee Supervised | logo (“labeled data”) on Instagram, or identify what kind of sentiment
iML) & Learning surrounds the mention of a brand in a news article.

An area of supervised machine learning closely related
to regression and classification, whose goal is to
measure how similar or related two topics are. It has
applications in ranking, recommendation systems, visual
identity tracking, and face and speaker verification.

A type of ML in which no labels are given to the algorithm, allowing it to
find structures and patterns on its own. Unsupervised learning is less
focused on the output and more focused on finding connections and trends
that a human has not previously identified. Unsupervised learning can be
used to go through millions of social media mentions and identify the topics
that are most associated with a given brand. For example, if it finds lots of
mentions that a product is “too expensive,” it will show that trend.

Similarity
Learning

Unsupervised
Learning
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Semi-
supervised
Learning

A mix of supervised and unsupervised machine learning. This process is
less time-consuming than supervised learning because it works with a small
amount of labeled data and a large amount of unlabeled data, making it less
costly and more accurate. If this technology becomes sophisticated enough,
it will allow PR practitioners to spot “fake news” or inaccuracies about
their company, and identify other types of misinformation they had not
identified before.

Reinforcement
Learning

A kind of training in which the algorithm is given a goal (such as operating
a robot). Each move made by the algorithm can be either rewarded or
punished. This “feedback™ allows it to build the most efficient path toward
the goal. This technology can be used to engage with users at a
personalized level. Facebook, for example, uses reinforcement learning to
teach its computers which notifications are users more likely to respond to.
Facebook has also used reinforcement learning to decide whether to send
people low- or high-quality videos depending on variables like their
connection or location.

Neural
Network
(Deep
Learning)

A type of machine learning in which a series of algorithms learn from
observational data and process information in a way similar to the human
brain. The more data, the more evaluations these networks can complete
and the smarter they become. However, it is difficult to explain how these
networks process the information and reach certain conclusions, which is
why they are also known as “black boxes.”

A technique to train a multilayered
neural network where “sensed” data is
Deep Neural Networks (DNN) | processed through multiple layers, and
each layer uses the output of the
previous layer as an input.

A technique to train a multilayered
neural network where data flows back
and forth through the layers.

Recurrent Neural Networks
(RNN)

A technique to train a multilayered
neural network in which data can only
flow in one direction.

Feedforward Neural Networks
(FNN)

CAPABILITIES OF ARTIFICIAL INTELLIGENCE

Natural Language Processing
(NLP) or Natural Language
Understanding (NLU)

Artificial intelligence leverages natural language processing (NLP) to
extract features from human speech, interpret those features as words,
prepare responses, and compose speech back to humans. NLP allows
communications professionals, for example, to analyze and interpret
millions of conversations online.

Computer Vision

A field that focuses on teaching computers how to identify, categorize, and
understand the content in images and videos.

Audio-Signal Processing

ML that can be used to analyze audio and digital signals in high-noise
environments. Applications include computational speech and
audio/audiovisual processing.

Knowledge Representation
and Reasoning

A field of Al that represents information about the world in a form that a
computer system can use to perform complex tasks.

Predictive Systems

A system that finds relationships between variables in data sets and their
outcomes. These relationships are used to develop models that can be used
to predict future outcomes based on historical data.

Speech-to-Text

Neural networks that convert audio into text in a variety of languages.
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Expert Systems (Inference)

Sentiment Analysis

Expert systems derive from Systemic Al. They use field-specific
knowledge combined with a rules engine that determines how that
knowledge should be applied. The system improves as more knowledge is
added or when the rules are improved.

‘ APPLICATIONS OF ARTIFICIAL INTELLIGENCE IN COMMUNICATIONS

Sentiment analysis is a method for identifying and categorizing the polarity
of a text, where the goal is to determine whether a particular text has a
positive, negative, or neutral value according to a standard categorization.

Social Monitoring
(Social or Audience
Listening)

Through the use of Al-powered platforms, social media monitoring tools
allow communication professionals to “listen” to what is being said about
an organization, brand, person or topic across the Internet. These tools work
by crawling sites (like blogs, news sites, forums, and social media
platforms) continuously and indexing them. Once the data has been
obtained, these monitoring tools allow communication specialists to
conduct various analyses such as sentiment analysis, topic analysis,
comparing queries, identifying most influential authors, charting (e.g.
volume over time), and data visualization.

Most tools are only allowed to crawl publicly-available data.

Content Creation & Curation

Even though this application is at an early stage, Al is allowing journalists
and marketers to generate simple stories such as stock updates and sports
results. It also offers insight into which content pieces will resonate more
with specific audiences. Additionally, Al-tools help communication
professionals identify topics that are trending, which enhances their content
strategy.

Voice Recognition

Voice or speaker recognition is the ability of a machine or program to
receive and understand human speech. Voice recognition programs are used
to improve customer experience and transcribe oral speech into text.

Image Recognition

Image recognition gives a machine the ability to interpret and categorize
images. In communication, image recognition is used in influencer
marketing to gain more insights on influencers without relying on hashtags
or mentions.

Speech Coaching

At an early stage, speech coaching programs use Al to teach professionals
how to improve their public speaking skills. These programs measure
elements of speech like filler words, tone, and pace to give feedback on
areas that need further improvement.

Personalization

Al-powered personalization helps marketers unify data from multiple
sources to provide a single view on a customer. Analyzing customer data
helps uncover trends and micro-segments according to behavioral patterns,
geolocation, time of the day, etc.

Proofreading

Al-powered assistants use natural language processing to correct spelling,
grammar and phrasing as well as correctness, tonality, engagement and
delivery of a text.

Translation

Using Al, translation programs are now able to interpret the context of a
sentence to accurately translate a word into a different language.
This technology is still under development.

Influencer/Journalist
Identification

Al-assisted influencer or journalist recommendation programs can “notice,”
via image recognition and natural language processing, patterns in
influencer/journalist content or profiles to recommend similar ones. Some
of these platforms might also leverage Al to spot “fake influencers” who
inflate their following numbers using fraudulent strategies.
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At a basic level, voice assistants like Duplex, Siri, Cortana and Alexa are
intelligent agents that use natural language processing (NLP) to convert
human speech into words, sounds, and ideas, and machine learning to
decode those words into commands. Companies like Google, Apple,
Intelligent Agents (Voice Microsoft and Amazon created these assistants to improve their customer

Assistants) experience and satisfy all kinds of customer needs, including answering
general questions, giving traffic directions, finding places to eat, or
researching a product before purchasing it. By using voice, these companies
are allowing users to interact with their products in a faster and more
personalized way.

Figure 2: Glossary of Al subcategories, capabilities and applications. Definitions are based on Paul R. Daugherty & H.
James Wilson’s book, “Human + Machine: Reimaging Work in the Age of Al,” and William Ammerman’s book, “The
Invisible Brand: Marketing in the Age of Automation, Big Data, and Machine Learning.” Application examples are
curated from online sources, including Al expert Christopher Penn’s interviews and blog posts

Why Should PR Professionals Care about AI?

Identifying opportunities for Al deployment depends on a range of factors that pertain to
a specific sector and, within that sector, to a specific type of business. Given the large amount of
Al applications, PR professionals must identify specific areas of practice where this technology
can create the most value for their organization’s business strategy.

Al marketing expert Christopher Penn argues that Al has brought three main benefits for
public relations practitioners: automation, acceleration and accuracy (Garret). In other words, Al
is making the practice of public relations cheaper, faster and better, something that is benefitting
the bottom lines of companies and agencies.

Automation, for instance, is not only taking over some of the busywork that comes with
the practice of public relations, but it is also augmenting PR professionals’ ability to obtain
insights in a matter of seconds. A few years ago, tracking media coverage was a time-consuming
task where account coordinators had to perform an extensive search to measure how many times
a brand or a company had been mentioned in the media. This process took hours of work; hours

that companies had to pay for. Now, PR professionals can leverage the power of Al to detect
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how many times their brand is being mentioned, where it is mentioned the most, what is being
said about it, and who is saying it.

Other time-consuming tasks like curating journalist or influencer lists are being
automated, not only saving PR practitioners a significant amount of time but also allowing them
to find reporters and influencers they had not considered before. The PR software provider
Cision, for example, has a media database with more than 1.4 million professional media
contacts and 910 million social influencer profiles. The platform is equipped with Al and
machine learning capabilities that help identify reporters and influencers that overlap with the
targeted audiences of any given campaign (“The ultimate media database...”). The benefits of
automating repetitive tasks in the field of public relations will be further explored in the next
chapter.

If automation is making repetitive tasks more efficient and less expensive, acceleration is
enabling PR professionals to obtain information in real-time. Acceleration can be crucial during
a crisis when time is the most valuable asset. For example, in 2017 the ride-hailing platform
Uber was negatively impacted by #DeleteUber, a social media campaign that encouraged users
to delete the app after the company was accused of profiting off of a protest against President
Trump’s travel ban. In a matter of hours, thousands of American users had deleted their
accounts. A social media monitoring platform built on machine learning and natural language
processing algorithms called Converseon helped Uber’s communications team process massive
volumes of online data and spot this crisis in real-time. The benefits of acceleration in the
context of crisis management will be studied in the third chapter of this study.

The automation and acceleration of the practice of public relations are also offering

something PR professionals have struggled with in the past: accuracy. Measuring and analyzing
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people’s feelings and impressions toward a brand or a product has always been a challenge for
account managers who struggle to justify their budgets and deliver metrics that are relevant for
the C-suite. And, as the lines between marketing and public relations blur, organizations are
increasingly asking their internal PR teams and agencies to operate under similar expectations as
their marketing departments, who can provide quantifiable metrics such as sales and market
share (Czarnecki, “PR pros choose...”).

With advanced Al technologies like natural language processing, PR practitioners can
accurately quantify people’s feelings and opinions about a brand and measure that sentiment
against other metrics like engagement, stock price, or sales. But they must be careful not to rely
solely on the metrics that tech communication platforms provide, and strive to convert those
metrics into insights that matter to their top executives (Daniels). In fact, the USC Center for PR
Global Communications Report showed that the two main communications goals for CEOs in
2020 are to sell products and services (44%) and differentiating their brand from the competition
(39%) (“PR: Tech...” 7). On the contrary, marshaling data and analytics to gain insight into
opinions, issues and trends was not selected as their main priority (12%), demonstrating that data
and Al are a means for building brand and sales, but not necessarily a business goal itself.

Automation, acceleration, and access to more accurate metrics like the scope of reach,
sentiment, and engagement rates with the help of Al-powered platforms are transforming the
public relations industry. On the one hand, new types of skills are being needed: big data
analytics, user experience, and predictive artificial intelligence are all proficiencies required to
compete with marketing and advertising and justify the value and effectiveness of the PR
industry. On the other hand, having cheaper, faster, and better access to relevant information is

giving PR practitioners the ability to focus on other activities such as creative thinking, strategic
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planning and instinct, which are all essential attributes of communications professionals that no
machine will ever offer in our lifetimes (Brotman 53).

The next three chapters will focus on illustrating how Al technologies are currently being
deployed to automate, accelerate and improve the accuracy of public relations activities such as
audience listening, social media monitoring, influencer relations, crisis management and media
relations. Each chapter will also offer a glimpse of the ethical implications and potential risks

that come with the implementation of artificial intelligence in the field of communications.
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Chapter 3
The Growing Role of Al in Social Media

Earlier predictions noted that by 2020, all of our digital interactions would generate 40
times more bytes of data than there are stars in the observable universe (“Data Never Sleeps
7.0”). As more clicks, shares, posts, and comments hit the digital space, this staggering amount
of digital data will keep growing exponentially, forcing businesses to look for novel ways to
analyze the content of these new streams of information and obtain actionable insights. Artificial
intelligence, machine learning, image recognition, and natural language processing tools are
playing an important role in helping organizations process and interpret large volumes of data in
short periods, allowing them to better understand competitors, consumers, employees, media,
and other key stakeholders and improve their performance.

The increased use of communication platforms such as blogs, forums, and social media
represents an opportunity for PR professionals to discover, understand and measure people’s
beliefs, attitudes and behaviors in ways they never had before. And even though analyzing such a
wide variety of digital sources can be challenging, PR professionals are now using Al-powered
tools to navigate through all that data and deploy social listening strategies, analyze competitive
landscapes, conduct social sentiment analyses, and discover key influencers. These new research
methods are enhancing and complementing the decision-making process of communications
professionals who want to advance their client’s business goals.

This chapter will explore the concept of Big Data and explain the reasons why access to
vast amounts of information is redefining traditional research methods in the field of public
relations. Through a case study about Cisco, the author will illustrate how companies are using
Al tools to obtain insights about their competitive landscape and market trends. The author will

then conduct a sentiment analysis of Nike’s “Just Do It” campaign to illustrate the advantages
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and limitations of this new kind of research. The author will also elucidate how PR and
marketing agencies are using Al to identify key influencers, detect influencer fraud, and even
create Al-powered influencers of their own. The chapter will conclude with a reflection about the
ethical implications of these new data collection practices, especially on social media, and what

the government and companies are doing to protect users’ privacy.

Social Media and the Big Data Revolution

Digital data has been around us for a long time. The earliest recollection of modern data
is from 1887 when the American businessman, inventor and statistician Herman Hollerith
developed an electromechanical tabulating machine that could read punched paper cards to
record and organize census data. More than a hundred years later, with technological
developments like the Internet, smart devices, and social networks, the world started generating
massive sets of data that soon became impossible to process using traditional business
intelligence tools. These revolutionary and more complex data sets are known as Big Data,
which are more varied and arrive in increasing volumes and at a higher rate than traditional data.

But what is digital data and why is it so important? Every click, tweet, post, email, online
purchase and pretty much any digital interaction generates data that can be stored and processed
by computers and transmitted across the Internet. This data is then collected and analyzed by
companies to find patterns that will help them understand present trends and predict future
outcomes based on past events. For example, Netflix collects data about its viewers’ behavioral
patterns to understand their preferences and predict which shows they will like in the future. This
allows the company to make accurate and personalized recommendations that keep subscribers

engaged with the platform’s content. Instagram does a similar thing by collecting data on its
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users’ likes, comments, shares and views to understand their preferences and predict which
accounts they are more likely to interact with in the future. Rather than seeing content
chronologically, users see posts from accounts they’re most likely to engage with, such as
family, friends, or their favorite influencers. These personalized feeds are designed to maximize
the time that users spend on Instagram.

Data can be classified as structured or unstructured. Structured data —also known as
quantitative data— uses a predefined format where all fields are fixed, making it easy to export,
store and organize information in databases like Excel and SQL. For example, transactional data
from an online purchase can be recorded with a defined timestamp, items purchased, the amount
paid, associated account information, and a confirmation number. Because each field has a
specific purpose, finding patterns within this data through a manual query or using machine
learning algorithms is relatively easy (Chen).

Unstructured data —or qualitative data— comes in all shapes and sizes. Even though it
is typically text (like PDFs, social media posts and emails), it can also be stored in the form of a
video file, audio, an image, or a different format. For example, even though the number of likes,
shares, views and hashtags in a social media post are structured, the actual posts (in the form of
text, image or video) are unstructured. Given the wide range of formats that unstructured data
comprises, it is not surprising that this kind of data makes up about 80% of an organization’s
data (Chen). Gathering, storing and organizing this information in typical databases is difficult,
and its analysis requires cutting-edge technologies like machine learning, image recognition, and
natural language processing.

The fields of marketing, advertising and public relations are usually more interested in

researching and analyzing unstructured data like social media posts, photos and videos, which
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allow agencies and companies to move beyond traditional metrics and obtain valuable insights
like market trends, customer preferences, and feelings toward a brand. And, as mentioned before,
it is only through Al technologies like machine learning, image recognition and natural language
processing that PR professionals can analyze large data sets and obtain results in an efficiently

and more accurately.

Audience Listening Case Study: Cisco Systems

Cisco Systems Inc. (NASDAQ: CSCO) is a multinational technology company
headquartered in San Jose, California. The company develops, manufactures and sells Internet
Protocol-based networking products and services related to the communications and information
technology industries. With a rich catalog ranging from core networking to the Internet of Things
(IoT), the company’s market landscape is constantly evolving and comprises a significant
number of competitors. In this context, Cisco needed to better understand key market trends and
pinpoint opportunities to be more present in the market conversation (Weiner & Kochhar, 27).

One of the main challenges Cisco faced was the vast amount of data the company had to
analyze. With increasing volumes of social media and traditional media entries, analyzing key
themes through traditional human coding was inefficient and time-consuming. For that reason,
Cisco’s Strategic Marketing Organization (SMO) decided to partner with Quid, a research
platform built on natural language processing that analyzes big unstructured data and visualizes
its findings in a way that makes it easier to provide actionable insights (Weiner & Kochhar, 27).

Since IoT was a key area of focus for Cisco, the SMO team prioritized this topic to
conduct an audience listening analysis. The purpose of this research, which processed millions of

social media and traditional media posts, was to identify key themes in the IoT narrative. These

27



findings would allow Cisco’s marketing and communications teams to prioritize their messaging
around the narratives that were the most relevant in the IoT market.

As Cisco began to experiment with Quid’s platform, the SMO team created a guide for
key stakeholders to explain how the statistical analysis represented by a network should be

interpreted (see fig. 3).
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Figure 3: Guide for stakeholders developed by Cisco’s SMO team explained how Quid’s
statistical analysis represented by a network should be interpreted. The network allows readers to
identify key themes (clustered in different colors) and visualize the connections between those
themes (Image source: “How Cisco Used Quid...”)

The SMO and the Corporate Communications teams worked collaboratively to identify
key influencers impacting customers’ decisions. Since Cisco is a B2B company, the teams
needed to get rid of all the “noise” in the data that did not have any impact on key customers or
stakeholders. Cisco started the Quid network analysis by eliminating irrelevant content and
focusing on key influencers. Then, the inquiry was narrowed down to the top seven narratives in

IoT, all of which were depicted in one of Quid’s network diagrams (see fig. 4).
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Internet of Things Narratives Depicted in Quid Network Diagram
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Figure 4: Quid’s network depicted seven narratives around IoT. Security and
verticals (i.e. the industries most associated with IoT) were two of the most
important narratives (Image source: “How Cisco Used Quid...”)

According to the Institute for Public Relations study, Cisco evaluated each of the
narratives to understand the key drivers in the conversation and obtain insights about its
competitive landscape:

o The wearables cluster (13%) comprised two sections. The more central cluster referred
to stories about how IoT (including wearables) was going to change the general industrial
landscape, which explains why this sub-cluster was connected to every industry narrative.
The other section referred to the release of the Apple Watch and the Google Wristband.

o The largest cluster, verticals (17%), contained stories about how various sectors are

starting to explore IoT technologies.
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e Security (17%) and (15%) made up more than a quarter of the
network. These clusters were closely linked to the innovation in smart homes (15%)
and wearables clusters, showing an interconnection between these topics.

e The innovation in smart homes and industrial Internet consortium was split in two
directions, with Google’s release of a camera for Nest appearing in the denser part of the
cluster. Other companies like Amazon and startup Nuimo were also featured.

e The smart cities and connected cars cluster (12%) focused the narrative on how to find

more sustainable ways of living and how IoT could benefit citizens.

After this analysis, the SMO team “created a visual overlay of where Cisco appeared in
those narratives” (Weiner & Kochhar, 29). This allowed the communications team to build a
roadmap of where to focus its new messaging efforts. For example, the company focused on
integrating security across its marketing efforts and published case-studies and blog posts on IoT
and the Oil & Gas industry.

Thanks to Quid’s natural language processing algorithms, Cisco was able to analyze and
process millions of data points (or Big Data) efficiently and accurately. The insights obtained
from this new research method allowed the company’s SMO and communications teams to
develop a successful messaging plan that would increase Cisco’s online visibility and fulfill its

customers’ demand for information.

Interpreting Emotions Using Sentiment Analysis

As stated before, Al technologies like machine learning and natural language processing
are transforming the way PR practitioners obtain insights from large amounts of unstructured

data, most of it proceeding from traditional media and social media sources. The CIPR study
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“Humans Still Needed” found that social media analysis is one of the most common PR activities
impacted by artificial intelligence (11). This explains why almost half (44%) of the PR
professionals participating in the USC Center for PR Global Communications Report chose

media monitoring as the most relevant tool for their current work (28).

Modern-day media monitoring tools do not only offer traditional metrics like how many
times a brand is being mentioned online; how many impressions, shares or likes did a post have;
or the average age of the users engaging with a post. Instead, a significant number of these tools
are now equipped with Al-algorithms that can extract quantitative and qualitative information
about individual behaviors, preferences and interests. Sentiment analysis, for example, is a
promising process that uses Al to determine whether a piece of writing is positive, negative or
neutral. This kind of analysis can help PR professionals gauge public opinion, conduct market

research, monitor a brand’s reputation, or gain more insights on customer experience.

One of the biggest challenges of this analysis is how complex and subjective human
emotions are. Elements like sarcasm, voice intonation and body gestures can change the meaning
of a text, while opinions can be subject to the interpretation of the reader. It is estimated that
when humans evaluate a text’s sentiment, they tend to agree around 80% of the time, which
explains why reaching a 100% accuracy level is still difficult for communication tech platforms.
Teaching a machine how to analyze grammatical nuances, cultural variations, slangs and spelling
errors is challenging, and teaching it to understand how context and tone can change the meaning

of a sentence is even harder.

According to Alex Smith, a data visualization engineer at Zignal Labs, a business
intelligence company, measuring sentiment can sometimes be like “flipping a coin” or only 50%

accurate:
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If you were to buy an off-the-shelf solution from IBM, for example, who has the Watson
services, this is probably one of the most popular marketing sentiment services and we’ve
used them extensively over the years. But we have found in a lot of our studies on the
actual sentiment that it was about as accurate as flipping a coin, 50/50. It was just very
general. It’s great at picking up “I love something” versus “I hate something,” cursing and
all those things. On sentiment that is more nuanced, or to see what comments mean to my
brand and the context of my brand, is just the “Wild West’ out there.

Smith said that to improve the accuracy of sentiment analysis, Zignal Labs uses
supervised machine learning where real humans tag large sets of data as either neutral, positive,
or negative, and they also point out instances where this sentiment can be harmful for a specific
brand. This tagged data is then fed into machine learning algorithms, which learn to recognize
patterns and augment their analysis capability to a given brand. However, this is a premium

service because it is a long and personalized process that requires significant human intervention.

We crowdsource a lot of data and the service we use is Amazon Mechanical Turk (...).
So, what they do at Mechanical Turk is (...) basically you answer a question. And for
that, you get rewarded some small amount, it depends on the task. But that gives us
tagged data we can use in machine learning processes (...). We’ll just have them tag the
data for like, you know, here’s a bunch of stories from this profile. Tell us if you think,
through the eyes of the brand, is this positive or negative? And what are the concepts or
highlight words in the sentence that are telling you that.

Smith continued saying that this process was “a tough nut to crack,” but if done correctly,
it can bring incredible analysis capabilities that would allow brands not only to analyze the
sentiment of millions of posts in real-time but also to stay ahead of their competition. For
example, if someone posted a negative comment about Uber, Zignal Labs’ advanced sentiment
analysis services would have the ability to classify this comment as positive when seen through
the eyes of a competitor brand like Lyft. According to Smith, Zignal’s sentiment analysis service
is about 80% accurate today, and that is about as high as it can get right now. Thus, PR

professionals being offered services with 90 to 99% accuracy should remain skeptical and ask
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vendors how they are training these algorithms, who tagged the data, and whether this level of

accuracy can be demonstrated.

Regardless of its limitations, sentiment analysis should not be completely disregarded by
PR professionals who want to understand general feelings and opinions on social media.
Receiving millions of negative impressions after a product launch might indicate that the product
did not satisfy the customers’ needs, whereas noticing an increase in positive mentions after a
press conference might indicate that the messaging strategy was successful. To obtain actionable
insights, PR practitioners should keep monitoring these results and compare them against other
qualitative metrics like word clouds and topic clusters. This kind of analysis will be illustrated in

the following Nike “Just Do It” Campaign case study.

Sentiment Analysis Case Study: Nike’s “Just Do It” Campaign ft. Colin Kaepernick

On September 3, 2018, the American sportswear company Nike (NYSE: NKE)
announced that the former San Francisco 49ers quarterback Colin Kaepernick was going to be
the new face of the company’s “Just Do It” campaign to commemorate the campaign’s 30™
anniversary. Kaepernick became known for protesting police brutality against African-
Americans and other minorities when he refused to stand during the national anthem at a pre-
season game in the American NFL, catching the attention of millions of viewers and the national
media. This form of protest was adopted by other U.S. professional athletes and became a hot-
button political topic when President Donald Trump asked the NFL to fire all players who were
kneeling during the national anthem during a September rally in Alabama. Kaepernick filed a
grievance against the NFL for colluding to keep him out of the league and agreed to a

confidential settlement in February 2019.
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As part of Nike’s “Just Do It” launching campaign, Kaepernick shared the following ad

through his social media channels:

Believe in's
Even if it means s

& Justdoit.

Figure 5: Colin Kaepernick’s “Just Do It” campaign ad. Image obtained from Colin
Kaepernick’s Twitter account, @Kaepernick7

The ad has generated more than 2.7 million mentions of the Nike brand since its launch, a
1,400% increase compared to the previous day (Bradley). Regardless of these staggering
numbers, a significant portion of mentions seemed to spark a negative sentiment among Twitter
users, who immediately protested the political nature of Nike’s campaign and uploaded photos of
their Nike shoes and NFL jerseys on fire using hashtags like #BoycottNike and #JustDontDolt.
To avoid a potential crisis, Nike’s communications team was likely monitoring the conversation
closely, a process that the author will illustrate using Crimson Hexagon, an Al-powered

intelligence platform.

According to Crimson Hexagon®, the conversation about Nike’s “Just Do It” campaign
had an overall negative sentiment. However, this analysis excluded almost half of the 5,724,721

posts discussing this topic, which were classified as neutral (see fig. 6).

> This study analyzed posts on YouTube and Twitter that contained the following Boolean phrases: nike OR
kaepernick OR boycottnike OR "boycott nike" OR justdoit OR "just do it" OR "fight the #nikeboycott" OR
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TOTAL VOLUME ON SEP 4TH, 2018 MOST POSITIVE DAY MOST NEGATIVE DAY

The predominant sentiment in this conversation is
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Negative. ©®
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Figure 6: According to Crimson Hexagon, 49% of the total posts mentioning Nike’s “Just Do It” campaign was
neutral, 35% was negative and 16% was positive. Among those posts that contained a sentiment, 69% were
negative and only 30% were positive

Because sentiment analysis occurs at a sentence level, the platform identifies words or
phrases within a post that carry a tone or opinion. These phrases are usually written in the form
of adjective-noun combinations (like “horrible-car’’). Then, the algorithms give each phrase a
“sentiment weight” based on words they already know. For example, the word “bad” would
generally be given a sentiment score of -0.5 because it carries a negative connotation, while the

word “good” would be given a score of 0.5 because it is usually positive.

Given the controversial nature of Nike’s campaign, Crimson Hexagon’s algorithms might
have classified positive comments as negative. A manual revision of a sample of 10 “negative”
tweets referring to the “Just Do It” campaign shows that even though some comments include
words that people would generally consider negative, like “disrespectful,” “racist,” or “ignorant,”

the overall meaning of the posts show support for Nike’s campaign (see fig. 7).

supportnike OR supportkap OR standwithkap OR justdont OR justburnit OR buynike OR @kaepernick7. The search
was limited from September 2 to September 4, 2018.
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Twitter Samples (Posts automatically classified as “negative”)

Sentiment reallocation
(manually assigned)

<

Q Yasameen
@yasameeny.
v Gee_Chuk
@geegee_saw.
- Shane Rai...
@shanerainey.
v E DanFirnb...
@Producer,
" ‘ TheBible...
@The_Bible_G.
v E MKM Ridd...
@jumboglo
v u aj~Smut..
@ariestess69

Josh PBH

@harstad_josh

W8 DC Dude
i @DCDude1776

v Denver ey
j @doubledwor

RT @PeoplesCourt79 | just retired after 21 years in the Army. STOP USING US to push your racist agend
a. Colin Kaepernick is NOT disrespecting us. He is bringing light to an important issue that likely has nev
er affected you. It is more disrespectful that you keep spewing this garbage. Stop. https://t.co/7K4EUfqT
PO

RT @zannadoo330 If you are currently cutting up your clothes in an effort to boycott Nike for throwing s
upport behind a black athlete who wants fairness, equality, and justice for all... you might be a racist. #
NikeBoycott

I mean honestly if you're tossing away Nike gear because of a cover athlete whose lost his job because
of fucking protesting, you're probably shallow and ignorant, and quite possibly a racist as well... i W so
rry bout it

@lamJSchmidt There will be pushback from owners. So that could factor into the future of the nfl and Ni
ke. They may make money today, but | doubt it will happen tomorrow factor in college programs...could
be a terrible decision...

@ReallJamesWoods @Nike Call your portfolio managers and have them line item Out Nike. It's tumbling
right now on Wall Street. It's in a free fall for taking a non-american stance. Nike hates #Americans Nike
hates #Christians So Nike hates its customers folks. Dump Nike #boycott #Nike

RT @MuslimIQ If you're protesting Nike b/c they're condemning racism but didn't protest Nike when the
y were accused of child abuse in third world sweat shops then all you've done is rationalize both racism
And child abuse. Get help. #TakeAKnee #ColinKaepernick

RT @KryssiKakes Remember that time “patriotic” Merikkkans deliberately called chips “freedom fries” be
c they briefly hated the French for having an opinion against our ILLEGAL WAR ACTIVITY? Now yall are ¢
utting up your #Nike gear. May as well get “RACIST" tattooed on your fat white foreheads.

@Kaepernick7 You have never had to sacrifice a single thing you immature loser. You were benched bec
ause you suck and you've been being paid the whole time by nike. Maybe if you had put the same amou
nt of effort into football that you do whining you would still be playing.

@KingJosiah54 Alienating 50% of one’s market seems startlingly stupid. Don't be surprised when Nike st
ock gets donkey punched.

RT @PeoplesCourt79 | just retired after 21 years in the Army. STOP USING US to push your racist agend
a. Colin Kaepernick is NOT disrespecting us. He is bringing light to an important issue that likely has nev
er affected you. It is more disrespectful that you keep spewing this garbage. Stop. https://t.co/7K4EUfqT
PO
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